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A Neural Network Controller with Adaptive Ability

BAI Rui-lin  YAN Xin-zhong LIU Yao-meng JIA Shi-Ru
Department of Automation Engineering Tianjin Institute of Light Industry Tianjin 300222

Abstract According to the character of the intelligent control instruments practical situation of con-
trolled objects and demands of the system control quality a neural network controller with adaptive a-
bility was put forward in the paper. By the theory analyses and experimental test the controller has
been proved with many advantages which can get over dynamical disturbance and eliminated still er-
ror. It has been proved that the method is an effective way to realize intelligence instrument.
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Fig.1 Neural network control system with adaptive ability
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Tab.1 Improved BP NN controller’ s learned parameters
3-5-1 good 571
0.035879 0.036043 0.036061 0.123698 0.152254 0.182473 0.214372 0.247961
0.040326 0.040599 0.40711
0.044901 0.045289 0.045502 0.062736 0.063696 0.064670 0.065660 0.066664
0.049602 0.050109 0.050427
0.054421 0.055053 0.055481 0.715294
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Fig.2 Compared analises of output curves of neural network control system
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