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Abstract: Genomics and high-throughout technologies have produced large amount of relational
data about the components of living systems, Such data from various complex networks that
carry rich knowledge about the systems. A current challenge of system biology is to mine the
hidden knowledge stored in the networks. As an important means for knowledge discovery,
graph clustering attracts much attention in analysis of the complex biological networks, attaining
remarkable results in remote homology detection, protein function prediction, and metabolic
pathway discovery. Meanwhile, due to the high complexity of living systems, methods what
successful in other fields often encounter difficulties when applied to the complex biological
networks. Here we briefly reviewed the main efforts dedicated to furthering clustering analysis of
complex biological networks.
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Fig: 1 Graph description of metabolic network
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