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Detection of Communities in the Yeast Proteimr Protein Interaction
Network Based on Graph Clustering

MEI Juan', HE Sheng’, LI Werjiang’
(1. Department of Electronic and Information T echnology , Wuxi City College of Vocational Technology, Wuxi
214153, China; 2. School of Biotechnology, Jiangnan University, Wuxi 214122, China)

Abstract: Interaction detection methods can led to the discovery of thousands of proteirprotein
interactions, and discerning relevance within large scale data sets is im portant for bioinfor mation.
As an important means for knowledge discovery, graph clustering attracts much attention in
analysis of proteir protein interaction networks. Here, a modularity-based method was used to
find communities of proteirr protein interaction networks. Using this method, 177 communities
were detected from a network involving 11, 855 interactions among 2617 proteins in yeast and
annotated according to MIPS hierarchical functional categories. The results validated that these
communities are indeed densely connected in sub-graphs.
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Tab.1 Functional annotation of each protein commumity
ID Proteins MIPS Scheme MIPS Description Density

Q0045, Q0250, Q0275, YAROO8W, YBRO22W,
YBR024W, YBRO37C,YCL0O04W, YDL036C, YDL235C,
YDR044W, YDRO76W, YDRI27W, YDRI96C,
YDR268W, YDR338C, YER043C, YER141W, YFLO33C,
YFLO45C, YFR047C, YGL037C, YGLOSOW, YGLO09%4C,
YGL143C, YGL156W, YGL256W, YGRI112W,
YGR169C, YGR276C, YHLO16C, YHRO28C,
1 YHRO32W, YHR179W, YHR206W,  YILO042C, 30.05. 01.10
YIL147C, YJL121C, YJR125C, YKRO31C, YLROO6C,
YLR105C, YLR107W,YLR142W,YLR165C, YLR281C,
YLR382C, YMR234W, YNLI123W, YNL218W,
YNL305C, YOL080OC, YOL097C, YOL114C, YOR111W,
YORI131C, YOR143C, YOR219C, YOR278W,
YOR330C, YOR356W, YPL132W, YPL160W,
YPL171C, YPL172C, Y PRO35W
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ID Proteins MIPS Scheme MIPS Description Density
00085, QO0130, YBLOI3W, YBLO9W, YBRO39W,
YBR127C, YBRI36W, YDLO004W, YDLIOIC,
YDLI141W, YDL185W, YDL227C, YDR277C, Y DR298C,
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